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can be predicted, given prior context. of poetry are much easier to predict than

those of prose.
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* Rhythm 1s expressed by recurring patterns, and recurring
patterns are predictable from history.
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* Much poetry has a meter, a rhythmic beat. We test our idea
by comparing the predictability of poetry to that of prose.
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These are histograms of the predictability of all the
linear regressions.

* To measure predictability, we use linear regressions and
measure the fraction of variance that they correctly predict.
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10 acoustic properties x {C,V} X {initial, medial, final}

Greek Chinese French

Each of the linear models was run with 10 bootstrap
samples of the data.
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